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Abstract. Motivated by applications in manufacturing systems. This
paper deals with a scheduling problem of independent tasks with addi-
tional constraints (transportation times), where the objective is to min-
imize the total completion time. This problem arises in automated cells
and is a complex flow shop problem with a transportation robot or con-
veyor. Since the problem is NP-hard, heuristics are developed to give near
optimal solutions. Two new programming algorithms are also proposed
for solving some special cases of this problem. Finally, we evaluate the
proposed heuristics, giving experimental results on randomly generated
test problems.
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1 Introduction

In most manufacturing systems, semi-finished jobs are transferred from one fa-
cility to another for further processing through material handling systems such
as automated guided vehicles (AGVs) and conveyors. In the last four decades,
many books and numerous papers have been published in the area of machine
scheduling. However, most of the published literature explicitly or implicitly as-
sumes that either there is an infinite number of transporters or that jobs are
transported instantaneously from one location to another without transporta-
tion time involved.

These displacements were not therefore taken in account at the time of the
construction of the scheduling. However this assumption is often not justified
in practice, there are many situations in which it must not be abandoned as
being unrealistic. For example, in computer systems the output of a job on one
processor may require a communication time so as to become the input to a
succeeding job on another processor and in manufacturing systems , there may
be a transportation time from one production facility to another. This model can
be illustrated in the case of robotic cells that are found in manufacturing systems
of semiconductors or textiles, in which an automated guided vehicle is charged
to displace jobs. It can also be illustrated by the example of a workshop for
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electroplating whose process consists of coating a part by a thin layer of metal
on pieces. The displacement of pieces is done mainly by a transporter(hoist)
moving horizontally on a rail as it is shown in Figure 1.

Fig. 1. Industrial application

In this paper, our problem can be defined as follows. We are given a set J of
n independent jobs J = {J1, ..., Jn} to be processed on 2 machines M1 and M2

in a flow shop with unlimited buffer spaces on both machines. Each job must
first be processed on machine M1, then machine M2.

The processing time of a job Ji on machine Mk is pik. We assume that all
of the jobs start at machine M1. Once a job is processed on machine M1, it is
transported to machine M2 by a transporter. The transporter is initially located
at machine M1. It has a capacity of c, i.e. it can carry up to c jobs in one
shipment.

The transportation time from machine M1 to machine M2 is denoted by t
(the round-trip requires 2t). We assume that the loading and the unloading times
are included in the processing times of jobs and are not considered separately.
Our goal is to schedule the jobs so as to minimize the makespan .

We follow the commonly used three-field notation α/β/γ for machine schedul-
ing problems. In the α field, we use notation ”TF” to denote a flow-shop problem
with transportation between machines. Hence, TF2/υ = x, c = y/Cmax, repre-
sents the 2-machine flow shop problem with x transporters, each with capacity
y. So our problem thus defined is denoted TF2/υ = 1, c ≥ 1/Cmax

Chen and Lee [1] studied a two-machine flow-shop problem with several con-
veyors of any capacity noted TF2/υ ≥ 1, c ≥ 1/Cmax. They gave a dynamic
algorithm that solves in polynomial time the problem TF2/pi1 = p, υ ≥ 1, c ≥
1/Cmax. In our work, we limit to only one conveyor and we give two polyno-
mial algorithms for the solution of two particular cases of the general problem
TF2/υ = 1, c ≥ 1/Cmax. We also propose heuristics to solve the general problem
which is NP-hard[1].
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Flow shop Problem with transportation considerations 3

This article is organized as follows: the second section is devoted to the math-
ematical formulation, a mixed integer linear programming model is proposed to
determine the schedule with minimum makespan. This model has been tested
using CPLEX solver. Section 3 is dedicated to the calculation of lower bounds
and the presentation of some subproblems that can be solved polynomially. As
for the fourth section some heuristics are presented for the solution of the general
problem and some numerical tests are carried out to show the performance and
the efficiency of the different heuristics in the last section. Finally, we provide a
conclusion at the end of this article.

2 Problem transformation

The following notation is used for the mathematical representation of the general
problem.
di1: is the starting time of the execution of the first operation of the job i on
the machine M1. dis: is the starting time of the transport of the job i and di2:
is the starting time of the execution of the second operation of the job i on the
machine M2

For every couple (i, j) of jobs, we introduce the following binary variable: aij

equal to 1 if di1 < dj1, and 0 otherwise. bij equal to 1 if di2 < dj2, and 0 other-
wise. αij equal to 1 if dis < djs, and 0 otherwise.
The objective function is to minimize Cmax;
subject to:

aij + aji = 1 ∀ i, j = 1, n ; i < j and i 6= j (1)
di1 + pi1 − dj1 ≤ (1− aij).M ∀ i, j = 1, n and i 6= j (2)
dis ≥ di1 + pi1 ∀ i = 1, n (3)
αij + αji ≤ 1 ∀ i, j = 1, n ; i < j and i 6= j (4)
djs − dis ≥ 2t ∗ αij − αji ∗M ∀ i, j = 1, n and i 6= j (5)
dis − djs ≥ 2t ∗ αji − αij ∗M ∀ i, j = 1, n and i 6= j (6)∑n

j=1,i 6=j(1− αij − αji) ≤ c− 1 ∀ i = 1, n (7)
di2 ≥ dis + t ∀ i = 1, n (8)
bij + bji = 1 ∀ i, j = 1, n ; i < j and i 6= j (9)
di2 + pi2 − dj2 ≤ (1− bij).M ∀ i, j = 1, n and i 6= j (10)
di2 + pi2 ≤ Cmax ∀ i = 1, n (11)
aij , bij , αij ∈ {0, 1} ∀ i, j = 1, n (12)
di1, dis, di2 ∈ N ∀ i = 1, n (13)
Where M is a very large value

Constraints (1), (2) and (3) concern the first machine: Constraints (1) mean
that for any two jobs Ji and Jj , either Ji precedes Jj on the first machine, or
Jj precedes Ji. Constraints (2) require that the first machine executes only one
job at a time and (3) assure that a job can not be transported from the first
machine to the second machine, once the first operation of this job is finished.

Constraints (4), (5), (6) and (7) are constraints on the conveyor (vehicle)
and on the jobs to transport: Constraints (4) express that all jobs must be
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transported between the two machines. Constraints (5) and (6) indicate that
any job Ji is transported from the first machine to the second machine either
before or after another job Jj , or at the same time and show that the transport
time of a round-trip of the vehicle requires 2t. The constraints (7) express that
the number of transported jobs at any time must be smaller than the vehicle
capacity.

Constraints (8), (9) and (10) concern the second machine. Constraints (8)
induce that the execution of the second operation of a job can only begin once
the job has arrived to the second machine. Constraints (9) express that all jobs
must be executed by the second machine. Constraints (10) assure that the second
machine executes only one job at a time. The constraints (11) imply that the
end of execution of any job is lower or equal to the makespan. Constraints (12)
and (13) indicate the type of variables.

The number of variables and the number of constraints of a mathematical
model are indications that measure its dimension and the efficiency of the mod-
eling. The number of variables of our model is 3n2 and the number of constraints
is n(17n− 1)/2.

From this formulation, we can derive a lower bound by relaxing the con-
straints (12) and (13). The relaxed problem can be solved using a linear pro-
gramming solver (CPLEX for example). The inconvenience of this technique
consists in a large number of constraints ( n(23n− 1)/2 constraints).

3 Testing of the model with CPLEX

Table 1. Results obtained by the Cplex solver.

n c t Pbms avr-time

5 2 1 20 0.183

5 2 5 20 0.4725

5 3 1 20 0.715

5 3 5 20 0.6665

6 2 1 20 0.185

6 2 5 20 103.02

6 3 1 20 0.1815

6 3 5 20 0.1807

7 2 1 20 1.03

7 2 5 20 106.755

7 3 1 20 2.064

7 3 5 20 5.459

8 2 1 20 18.489

8 2 5 20 105.65

n c t Pbms avr-time

8 3 1 20 15.363

8 3 5 20 170.12

9 2 1 13 189.32

9 2 5 8 200.56

9 3 1 10 1030.245

9 3 5 6 186.342

10 2 1 5 1045.32

10 2 5 4 1230.458

10 3 1 4 7456.23

10 3 5 3 5131.47

50 20 1 1 6597,8

50 20 5 1 12588,78

70 30 1 1 14265.236

70 30 5 1 24698.24

The linear models with integer and binary variables can be solved by efficient
solvers such as LINGO, CPLEX, etc. Our mathematical model has been tested
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on a Pentium IV 3.06 GHz Personal Computer with 512 Mo RAM using Cplex
Solver. The processing times pi1 and pi2 are generated by a uniform law in
[1, 100]. We fixed the number of jobs and let the vehicle capacity and the trans-
portation time vary. For every case, 20 problems are solved and the average
execution time (for which the optimal solution is obtained) is computed in sec-
onds. The results are given in the Table 1.

Computational experiments show that the largest problem that can be solved
within at least 18 minutes is a two-machine and nine-jobs problem and the largest
problem that can be solved within at least 7 hours is a two-machine and seventy-
jobs problem.

4 Study of bounds and some subproblems

We proposed two lower bounds LB1 and LB2 for the objective function :

– LB1 = max{(dn
c e−1)∗2t+t+ min

1≤i≤n
{pi1}+ min

1≤i≤n
{pi2}, max

1≤i≤n
{pi1+pi2}+t}.

– LB2 = max{ ∑
1≤i≤n

pi,1 + min
1≤i≤n

{pi2}+ t,
∑

1≤i≤n

pi2 + min
1≤i≤n

{pi1}+ t}.

We studied some subproblems of the general problem TF2/υ = 1, c ≥ 1/Cmax.
We mention especially the following cases:
Case 1: pi1 ≥ 2t, pi2 ≥ max

1≤i≤n
{pi1}

Algorithm 1
Begin

1: Arrange and process jobs in the increasing order (SPT rule) in relation to
pi1

2: (In every batch, we have only one job).
End

Theorem 1. The algorithm 1 resolve the two problems TF2/pi1 ≥ 2t, pi2 ≥
max

1≤i≤n
{pi1}, υ = 1, c ≥ 1/Cmax and TF2/t ≤ pi1 ≤ 3

2 t, pi2 ≥ 2t, υ = 1, c ≥
1/Cmax in O(n log n).

Case 2: pi1 ≤ 2t
c , pi2 ≥ 2t

Algorithm 2
Begin

1: Find a job Jj of J having the minimum execution time on the first machine
M1.

2: Process the job Jj in first position and transport it alone in a first batch.
3: J := J \ {Jj}.
4: Arrange the jobs of J in the decreasing order (LPT rule) in relation to pi2

and process them in this order after the first job .
End

Theorem 2. The algorithm 2 gives an optimal solution for the two problems
TF2/pi1 ≤ 2t

c , pi2 ≥ 2t, υ = 1, c ≥ 1/Cmax and TF2/pi1 ≤ 2t
c , pi2 ≥ 2t

c , pmin2 ≥
2t, υ = 1, c ≥ 1/Cmax in O(n log n).
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Case 3: The problem TF2/pi1 = p, υ = 1, c ≥ 1/Cmax:
When execution times on the first machine are identical and execution times on
the second machine are any, the problem TF2/pi1 = p, υ = 1, c ≥ 1/Cmax is
polynomial and can be solved by the dynamic algorithm of Chen and Lee [1].
The problem TF2/pi2 = p, υ = 1, c ≥ 1/Cmax is also polynomially solvable by
the dynamic algorithm of Chen and Lee

5 Heuristics

Recall that in general the problem TF2/υ = 1, c ≥ 1/Cmax is NP-hard, so we
propose some heuristics for its solution. We have used several rules of priority,
based on the notion of priority between jobs to process. Their main advantages
are, in general, their simplicity and especially their speed. Five rules have been
applied therefore for the scheduling of jobs on the two machines. The two rules
R1 and R2 are based on the coupling of jobs. The third rule of investment, is
based on the algorithm of Jonhson [?]. We improved it in order to take into
account the transportation times. Finally, we use the two rules SPT (Shortest
Processing Time) and LPT (Longest Processing Time) that are based on the
arranging of jobs.

These heuristics are also based on the following procedure that allows the
construction of different batches. The principle of this procedure is to choose a
maximal set of jobs that follows the job Ji (according to the initial order) so as
the sum of the these execution times in this set, on the first machine is lower or
equal to the time of the round-trip of the vehicle 2t plus a small amount of time
(τ). Once this set of jobs is found, these jobs will be transported with the job Ji

in one batch. On the other hand, if such a set doesn’t exist, the job Ji will be
transported alone in a batch.
Procedure of contruction of batches
Begin

1: i := 1, ` := 1;
2: while i < n do
3: if pi+1,1 ≥ 2t then
4: B` := {Ji}, ` := ` + 1, i := i + 1.
5: (Bl represents the batch Number l);
6: if i=n then
7: B` := {Jn}, ` := ` + 1, i := i + 1;
8: end if
9: else

10: Find Ji+1, ..., Jk in J as:
11:

∑k
j=i+1 pj,1 ≤ 2t + τ and k − i + 1 ≤ c

12: B` := {Ji, Ji+1, ..., Jk}, `← ` + 1, i := k + 1;
13: if i=n then
14: B` := {Jn}, ` := ` + 1, i := i + 1;
15: end if
16: end if
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17: end while
18: L := `− 1, d1 :=

∑
j∈Bch1

pj,1, r1 :=
∑

j∈Bch1
pj,1

19: s :=
∑

j∈Bch1
pj,1, c1 :=

∑
jinBch1

pj,1 +
∑

j∈Bch1
pj,2 + t

20: for k = 2to L do
21: rk := s +

∑
j∈Bchk

pj,1

22: dk := max{rk, dk−1 + 2t}
23: s := rk

24: ck := max{dk + t, ck−1}+
∑

j∈Bchk
pj,2,

25: end for
26: Cmax := cL.

End
The first heuristic named H1 is based on a new rule R1. This rule forms

pairs (Jk, Jj) such that the job Jk have the shortest execution times on M1 and
the job Jj have the longest execution times on M2. We build a sequence of jobs
reassembling all the couples. Finally, we construct the set of batches.
Algorithm H1

Begin

1: while The list of jobs J is not empty do
2: Find a job Jk having the shortest execution time on the first machine.
3: J := J \ {Jk}.
4: Find a job Jj having the longest execution time on the second machine
5: J := J \ {Jj}
6: end while
7: Apply the previous procedure of batch construction according to the order

of jobs determined by the previous loop.
End

Another version of the heuristic H1 is denoted H2. It has the same principle
as H1 except that it is based on another new rule named R2 which forms couples
(Jk, Jj) in which the jobs Jk have the longest time of execution on the second
machine M2 and the jobs Jj have the shortest execution times on first machine
M1. Once the pairs are created, we arrange them in the same order and we form
a sequence of jobs. Finally, we apply the procedure of the construction of batches
on the sequence of jobs obtained.
Algorithm H2

Begin

1: while The list of jobs J is no empty do
2: Find a job Jk having the longest execution time on the second machine;
3: J := J \ {Jk};
4: Find a job Jj having the shortest execution time on the first machine;
5: J := J \ {Jj};
6: end while
7: Apply the procedure of construction of batches according to the order of

jobs determined by the previous loop.
End
We propose another heuristic H3 based on the LPT rule.
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Algorithm H3

Begin

1: Find a job Jk having the shortest execution time on the first machine;
2: Process the job Jk in first position and transport it alone in a first batch.
3: J := J \ {Jk};
4: Arrange the remaining jobs of T in the decreasing order relative to the

execution times on the second machine and process them after the first job.
5: Apply the procedure of construction of batches on the jobs in the order as

in J.
End

The fourth heuristic that we propose named H4 is based on the LPT rule,
that consists to arrange jobs in the decreasing order relative to the execution
times. In our case, we apply this rule for the job execution times on the machine
M2.
Algorithm H4

Begin

1: Arrange jobs according to the decreasing order relative to the execution
times on the second machine.

2: Apply the procedure of construction of batches.
End
Algorithm H5

Begin

1: Build a two machines pseudo problem with execution times on the first
machine p′i1 = max(pi1, 2t) and p′i2 = pi2 on the second machine (pi1 and
pi2 are the execution times of the initial flow-shop).

2: Apply the algorithm of Johnson to this pseudo problem to get an ordering
of jobs

3: Apply the procedure of construction of batches according to this order.
End

6 Tests according to the uniform law

Until now, there is no method in the literature which treat precisely the problem
TF2/υ = 1, c ≥ 1/Cmax. So we can not make a comparison with the heuristics
that we propose.

However, we have tested the developed methods by using several instances
generated randomly according to the uniform law. We have coded our algorithms
in Delphi 7 and have run them on a Pentium IV 3.06 GHz Personal Computer
with 512 Mo RAM.

We generated 100 instances for each number of jobs and we applied the
heuristics cited above on these instances. Some results obtained for the uniform
law are summarized in table 2 which follows, where we give the percentage with
the best completion time where the solution found by the heuristic is better as
compared to the other solutions, the percentage where the makespan is equal to
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the lower bound and the average of performance ratio of the heuristics and the
average execution time of each heuristic (in milliseconds).

For the first case (a), we suppose that the job execution times on the two
machines as well as the vehicle capacity follow a uniform distribution in [1, 10]
and the transportation times follow a uniform law in the interval [1, 100].

In the second case (b), we suppose that the job execution times on the two
machines follow a uniform law in the interval [1, 50] and the transportation time
as well as the vehicle capacity have a uniform distribution in [1, 10]. The obtained
results are represented in the Table 2.

Table 2. Summary of the tests.

(a) pi1, pi2, c ∈ 1, 10, t ∈ 1, 100

τ = 0 H1 H2 H3 H4 H5

n=10: pCmax 28% 24% 59% 15% 5%
Opt 7% 1% 18% 3% 2%
av-tim 4,71 3,44 6,37 3,71 5.28
av-Rat 1,27 1,25 1,39 1,35 1,29
Mx-Rat 1,89 1,96 2,32 2,15 2.44

n=50: pCmax 21% 9% 74% 4% 0%
Opt 7% 1% 10% 4% 0%
av-tim 10,02 9,39 12,51 8,43 12.72
av-Rat 1,070 1,077 1,074 1,078 1.099
Mx-Rat 1,208 1,227 1,189 1,309 1.309

n=100: pCmax 37% 13% 44% 2% 1%
Opt 9% 0% 10% 0% 0%
av-tim 19,04 15,79 21,2 15,81 21.09
av-Rat 1,026 1,023 1,035 1,026 1.033
Mx-Rat 1,094 1,107 1,086 1,099 1.158

n=1000: pCmax 54% 30% 32% 9% 0%
Opt 6% 1% 5% 0% 0%
av-tim 152,73138,91174,2 140,17169.03
av-Rat 1,003 1,004 1,004 1,002 1.004
Mx-Rat 1,052 1,076 1,026 1,006 1.033

(b) pi1, pi2 ∈ 1, 50, t, c ∈ 1, 10

H1 H2 H3 H4 H5

36% 19% 76% 39% 15%
30% 16% 62% 36% 7%
6,46 4,35 6,12 3,74 8.01
1,021 1,064 1,016 1,041 1,058
1,133 1,215 1,155 1,206 1,188

35% 17% 74% 39% 7%
30% 10% 66% 37% 4%
11,24 8,6 14,01 8,6 13,45
1,006 1,009 1,004 1,012 1,014
1,037 1,047 1,032 1,037 1,034

31% 19% 72% 37% 1%
20% 12% 59% 33% 1%
18.09 15.8 21.55 15.58 21.78
1.002 1.006 1.002 1.006 1.007
1,017 1,019 1,014 1,021 1.024

36% 31% 62% 40% 5%
32% 27% 55% 39% 1%
158,9 146,2 180,3 146,1 179.9
1,000 1,000 1,000 1,000 1.001
1,001 1,001 1,001 1,001 1.001

We define the calculated parameters:

pCmax: is the percentage for which the heuristic H provides a better solution
than the other heuristics.

opt: is the percentage for which the solution obtained by the heuristic H coin-
cides with the lower bound LB.

Ratio(H): is the performance ratio of the heuristic H, Ratio(H) = Sol(H)
LB .

av-Rat: is the average performance ratio, average−Ratio(H) =

100∑
k=1

Ratiok(H)

100 ,
k is the number of the instance.
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mx-Rat: the maximum of the performance ratio.
av-tim: the average of the execution time.
Dev(H): is the deviation of the heuristic H, Dev(H)=Sol(H)−LB

LB .
avr-Dev(H): is the average deviation of the heuristic H, avr − Dev(H) =

100∑
k=1

Devk(H)

100 .

For the different heuristics, we established the average of the performance ra-
tio by applying the heuristic on instances randomly built according to a uniform
law. The results are illustrated in Figures 2 and 3.

(a) pi1, pi2, c ∈ 1, 10, t ∈ 1, 100 (b) pi1, pi2 ∈ 1, 50, t, c ∈ 1, 10

Fig. 2. Average performance ratio of the heuristics according to ”n”

With regard to the average deviations, the obtained graphs are shown in Figure 9.

(a) pi1, pi2, c ∈ 1, 10, t ∈ 1, 100 (b) pi1, pi2 ∈ 1, 50, t, c ∈ 1, 10

Fig. 3. Average deviations of the heuristics according to ”n”

We generated 100 instances for each number of jobs and we applied the
heuristics on these instances (pi1, pi2 ∈ [1, 50], t, c ∈ [1, 10]) in the cases τ = 0
and τ = 1. The results are given in Table 3.
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Table 3. Comparison between the cases τ = 0 and τ = 0.

(a) τ = 0

τ = 0 H1 H2 H3 H4 H5

n=10: av-Rat 1,021 1,056 1,016 1,041 1,055
av-tim 1,09 0,47 1.26 0.92 1.72

n=1000: av-Rat 1,000 1,000 1,000 1,000 1,001
av-tim 61,04 60,89 87,47 43,33 86,23

(b) τ = 1

τ = 1 H1 H2 H3 H4 H5

n=10 1.030 1,059 1,019 1,055 1,059
1.25 1,1 1,53 0,16 1.39

n=1000 1,000 1,001 1,000 1,000 1,001
64,71 59,91 85,16 42,85 83,94

We note that when τ = 0, the results are better than in the case τ > 0.

Table 4. Comparison with optimal solutions

n c t Opt time(s) H3Cmax time(m.s) bCmax R(H3)

5 3 5 29 2,14 33 16 32 0.137
38 0,59 44 0 39 0.157
31 0,41 39 0 31 0.258
31 0,03 32 16 32 0.032
42 0,05 44 16 44 0.047
38 0,53 39 15 39 0.026
30 2,19 34 16 30 0.133
32 0,11 42 16 33 0.312
34 0,05 40 0 35 0.176
39 1,94 46 15 41 .0179

10 3 1 55 0,05 57 0 55 0.036
58 0,03 58 0 58 0
53 0,02 55 0 53 0.037
64 0,03 64 0 64 0
52 0,03 57 16 53 0.09
59 0,05 59 0 59 0
49 0,03 49 0 49 0
59 0,05 59 15 59 0
65 0,05 65 31 65 0
54 0,03 54 62 54 0
64 0,06 64 16 64 0

For the different methods developed, there are not any precise conditions so
that a method is better than another one. It depends on the number of jobs
and the transportation time. However, we have compared the best solutions
generated by all the heuristics denoted bCmax and the solutions generated by
the heuristic H3 denoted H3Cmax, which we claim to be better than the others
according to the results of the preceding tests, with the exact solutions found
by the Cplex software. For this, we have randomly generated some instances of
reduced sizes n ∈ {5, 10}. Indeed, the processing times pi1 and pi2 are generated
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by a uniform law in [1, 10]. To measure the efficiency of the heuristic H3, we
calculate the relative distance between the solution given by the heuristic H3

and the optimal solution as follows: R(H) = Cmax(H)−Opt
opt . Some results of this

experimentation are given in the Table 4 with the CPU time in seconds (Time)
of the optimal solution. The average CPU time for the heuristic H3 is smaller
than 0.002 seconds. Table 4 clearly shows the efficiency of the heuristic H3.

In general, results obtained for the different tests reveal that the heuristics
based on the LPT rule generally give very good solutions that are optimal in
most cases.

7 Conclusion

We studied the flow-shop problem with two machines connected by a conveyor.
The performance criteria chosen is the total execution time (makespan). We in-
troduced a transport system of jobs: robot or vehicle. We presented and modeled
our problem as a linear program in integer and binary variables. We also pro-
posed lower bounds that are going to serve like reference to appraise the quality
of solutions obtained by the developed methods. Some subproblems of the gen-
eral problem are analyzed and solved in polynomial time. Having shown that the
general problem is NP-Hard, we developed the heuristics. Tests have been car-
ried on several instances randomly generated in order to study the performance
of the different proposed heuristics.

Research in this field remains open. The introduction of conveyors to the
flow-shop problem brings us to conceive other models that are related to the
characteristic of storage spaces and the number of conveyors. We may also con-
sider to develop the meta-heuristic or exact methods.

References

1. ZL. Chen and CY. Lee. Machine scheduling with transportation considerations.
Journal of scheduling, 4 :3-24, (2001).

2. N. Chikhi. Two machine Flow-shop with transportation time. Thesis of magister.
Faculty of Mathematics, USTHB University,Algiers, (2008).

3. J. Hurink and S. Kunst. Flow-shop problems with transportation times and a single
robot. Universit Osnabrack, (1998).

4. S. S. Panwalker. Scheduling of a two machine flow shop with travel time between
machines. J.Opl.Res.Soc, 42, No 7: 609-613, (1991).

5. H. Kise. On an automated two-machine flowshop scheduling problem with infinite
buffer. Journal of the Operations Research Society of Japan, 34 : 354-361, (1991).

6. M. Pinedo. Scheduling: theory, Algorithms, and Systems. Prentice-Hall: Englewoods
Cliffs, NJ, (1995).

7. JW. Stevens and DD. Gemmill. Scheduling a two-machine flowshop with travel times
to minimize maximum lateness. International Journal of Production Research; 35:1-
15,(1997).

8. W. Yu. The two-machine flow shop problem with delays and the one-machine total
tardiness problem. Ph.D. Dissertation, Eindhoven University of Technology, (1996).

389


	Préface
	Organisation
	Comité de Pilotage
	Comité de Programme
	Session 1A - Théorie des graphesheightwidthwidthheight
	Le nombre de domination par contraction,  Tablennehas Kamel
	Bounds on the domination number in oriented graphs,  Lyes Ouldrabah, Mostafa Blidia
	Note on b-colorings in Harary graphs,  Zoham ZEMIR, Noureddine Ikhlef-Eschouf, Mostafa Blidia
	Double domination edge removal critical graphs,  Mostafa Blidia, Mustapha Chellali, Soufiane Khelifi, Frédéric Maffray
	Session 1B - Requêtes non standardsheightwidthwidthheight
	OptAssist : outil d'assistance pour l'optimisation des entrepôts de données relationnels,  Kamel Boukhalfa, Ladjel Bellatreche, Zaia Alimazighi
	Evaluation de Requêtes Flexibles dans un Contexte Non-Centralisé : Une Approche Basée sur les Résumés Distribués,  Abdelkader Alem, Allel Hadjali
	Supporting Failing Database Queries in a Flexible Context: A Data-Driven Approach,  Lila Oudjoudi, Allel Hadjali
	Traitement des requêtes CO (Content Only) sur un corpus de documents XML,  SAMIA FELLAG, MOHAND BOUGHANEM
	Session 2A - Optimisation Iheightwidthwidthheight
	Analyse de sensibilité d'un problème d'optimisation paramètré,  NACHI Khadra
	Generating efficient solutions with reservation levels in Multiobjective Stochastic Integer linear Problems,  Fatima BELLAHCENE
	Résolution d'un problème de programmation quadratique avec une M-matrice, HASSAINI Katia, BIBI Mohand Ouamer
	Algorithme itératif d'optimisation globale des fonctions höldériennes utilisant les courbes -denses,  Rahal Mohamed, Ziadi Abdelkader
	Session 2 B - Extraction des connaissances et classificationheightwidthwidthheight
	Vers une modélisation booléenne des règles d'association,  Abdelhak Mansoul, Baghdad Atmani
	Classification des images des dattes par SVM : contribution à l'amélioration du processus de tri,  Djeffal Abelhamid, Regueb Salah, Babahenini Mohamed Chaouki, Taleb Ahmed Abdemalik
	Analyse de l'impact du changement : approche et étude de cas,  Abdi Mustapha Kamel, Lounis Hakim
	Session 4 A - Optimisation IIheightwidthwidthheight
	FH2(P2, P2) hybrid flow shop scheduling with recirculation of jobs,  Nadjat Meziani, Mourad Boudhar
	Ordonnancement sur machines identiques en présence d'ouvriers spécialisés.,  wafaa labbi, mourad boudhar
	Scheduling problem subject to compatibility constraints,  Mohamed Bendraouche, Mourad Boudhar
	Séparation et Evaluation pour le problème d'ordonnancement avec blocage.,  Abdelhakim Aitzai, Abdelkader Bentaher, Hamza Bennoui, Mourad Boudhar, Yazid Mati
	Session 4 B - Réseaux et applications répartiesheightwidthwidthheight
	Impact de la prise en compte des Contraintes Transactionnelles lors de l'Orchestration des Services Web,  KHEBIZI ALI, SERIDI HASSINA
	Tolérance aux pannes dans les grilles de calcul,  MEROUFEL Bakhta, GHALEM Belalem, HADI Nadia
	Un protocole de routage ER-AODV à basse consommation d'énergie pour les réseaux mobiles ad hoc,  said khelifa, zoulikha mekkakia maaza
	Vers la spécification des exigences de sécurité des systèmes d'information,  CHEHIDA Salim, RAHMOUNI Mustapha kamel
	Session 4 C - Optimisation IIIheightwidthwidthheight
	Vers un Nouveau Protocole Pour Contrer l'Inversion de Priorité,  Amel Doukhani, Nacira Ghoualmi
	Problème d'Assemblage Orthogonal Rectangulaire, Approche Algorithmique,  Isma Dahmani, Rachid Ouafi
	Commande optimale de processus thermiques de grande dimension,  Pierre Spiteri
	Réseaux de Neurones Récurrents Appliqués à l'Automatisation du Marché à Terme : cas Producteur-Consommateur,  Salima KENDI, Fodil LAIB, Mohammed Said RADJEF
	Session 5 A - Agents, ontologies et applicationsheightwidthwidthheight
	Un Modèle SMA pour le Diagnostic Collectif,  Khaled Allem, ramdane maamri, Zaidi sahnoun
	Optimisation d'Alignement d'une Ontologie Multi-Points de Vue et une Ontologie Classique,  Lynda DJAKHDJAKHA, Mounir HEMAM
	Un Algorithme de Partitionnement d'Ontologies Orienté Alignement,  Soumaya Kasri, Fouzia Benchikha
	Une approche multicritère pour lever l'ambiguïté morphologique dans le texte arabe,  CHERAGUI Mohamed Amine, HOCEINI Youssef, ABBAS Moncef
	Session 5 B - Graphes et optimisationheightwidthwidthheight
	Plongement et placement de certaines classes d'arbres dans l'hypercube,  KABYL Kamal, BERRACHEDI Abdelhafid
	Flow shop problem with transportation considerations,  Nacira CHIKHI, Mourad BOUDHAR
	Extremal trees for new lower bounds on the k-independence number,  Nacéra Meddah
	Benders Decomposition Approach to Set Covering Problems,  salim haddadi, Nacira Hamidane
	Session 5 C - Programmation par contraintes et ses applicationsheightwidthwidthheight
	Control with constraints of a class of hybrid system based on adaptive method of linear programming.,  Aldjia Nait Abdesselam, Mohamed Aidene, Said Djennoune
	Local symmetry breaking in the satisfiability problem,  BelaÏd BENHAMOU, Tarek NABHANI, Richard OSTROWSKI, Mohamed Réda SAÏDI
	Solving linear bilevel programming by DC algorithm,  Aicha ANZI, Mohammed Said RADJEF
	QCSP+ non bloquants : un cas spécial de problèmes quantifiés,  Arnaud Lallouet, Jérémie Vautard
	Session 6 A - Traitement d'imagesheightwidthwidthheight
	Recalage hybride des images médicales basé sur l'information mutuelle et l'ICP accéléré,  Leila Benaissa Kaddar, Nacéra Benamrane
	UNE APPROCHE BASÉE AGENT POUR LA DÉTECTION DE RÉGIONS,  KAZAR Okba, GUIA Sana Sahar
	Segmentation d'image de biopuces par Champ de Markov tolérant les déformations locales de grille.,  Christophe Gouinaud
	Pseudo-CT basée sur l'IRM pour la correction d'atténuation,  Hassen Chaibi, Rachid Nourine
	Session 6 B - Optimisation IVheightwidthwidthheight
	Mapping Real Time Applications on NoC Architecture with Hybrid Multi-objective PSO Algorithm,  BENYAMINA Abou El Hassan, BELDJILALI Bouziane, DELLAL Karima, ELTAR Dalila
	Multiobjective programming under generalized V-type I invexity,  Hachem Slimani, Mohammed Said Radjef
	Une Approche pour l'accélération de la génération de colonnes appliquées au problème de rotations d'équipages,  Abdelkader LAMAMRI, Hacène AIT HADDADENE, Anass NAGIH
	Mathematical Integer Programming for a One Machine Scheduling Problem,  Samia Ourari, Cyril Briand, Brahim Bouzouia

