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Abstract:

The ultimate objective of this study is to build a model able to predict the bankruptcy at the
level of small and medium Algerian enterprises, attempting to link this deficiency to financial
ratios, looking for how far they are able to distinguish the failed enterprises from the non-failed. To
accomplish this, the Discriminant Analysis (DA) is used, It is applied on a sample of 13 small and
medium Algerian enterprises, including five failed and the rest non-failed. The analysis yielded the
following results: Working capital to total assets, Total debt to total assets and Short-term debt to
total assets have the ability to distinguish .

Key words: financial distress, Financial ratios, Small and medium enterprises, Discriminant
Analysis.
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At each step, the variable that minimizes the overall Wilks' Lambda is
entered.

a. Maximum number of steps is 46.

b. Minimum partial F to enter is 3.84.

¢. Maximum partial F to remove is 2.71.

d. F level, tolerance, or VIN insufficient for further computation.
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