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The Effect of Investor’s Sentimentality Biases on Share Returns and its Conditional

Volatilities -
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significant dynamic correlation between them.
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The behavioral finance seeks to provide explanations for the extraordinary cases in the capital
anomalies, irrationality, and speculative bubbles, as well as ways to avoid them. This
perspective based on the existence of investor's sentimentality biases. This paper aims to test the effect of
investor's sentimentality biases on the returns and volatility of the Dow Jones Industrial Average index
(DJI). The study uses the monthly data for the Consumer Confidence Index as an expression of investor
sentiment and Dow Jones Industrial Average closing prices between 1990 and 2016 by using the DCC-
GARCH model. Our results show that there is a significant and positive relationship between investors
'sentiment and the Dow Jones earnings, also shows a negative effect on DJ volatilities. There is the
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Series: RCCI — Series: RDJ
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70 — Observations 331 404 M Observations 329
60| Mean 0.012099 e Mean 0636981
0 Median 0218341 %0 B Median 0847239
- | L Maimum  21.97286 B Maxmum 1007922
ra Minimum ~ -19.92492 Minimum ~ -16.40732
Std.Dev. 5021186 21 Sid.Dev. 4085133
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RDJ RCCI
Test Statistic Prop* Test Statistic Prop*
PP-Fisher Chi-square -107.0862 0.001 -134.5417 0.001

b

=]

Eviews 9 3\::;4).1 eh';ful_.q u;.’\;\_ﬂ\ Aae) (e :J.\.\AAS\

Osfileaaall J 5¥1 (5 AN ) ST 2(01) Sl

aej

l | i J...l h.hl Al n.ll nnllm J

LGN e N b AR il i i

L L L L L
200 J.:l: Lv] 21 I}:l 2150 vl i 1] 2250 2300

h ll..ul i ||i Iil.il.lnllJ.i.|.“l.|l|. [l l‘ .' AL A
"r['rr-r""r A

1 1 1 1 1 1 1
200D 2050 2100 2150 2200 2250 2300

Oxmetrics dmae_n aladiuly sl dlae ] (e 1 juaal)
Onfiladeall sla) A Al Jiiail) £(02) J&

Oxmetrics 4y aladiuly cfialll slae] e s jlaall

lghonal) 485 jiga iy Jiga gl pipa 2l ge (il Sl Y Jalsa 1(03) B Jg2ad)

RDIJ RCCI
RDJ 1 0,17408895
RCCI 0,17408895 1
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Dependent Variable: RDJ
Method: Least Squares
Date: 10/02/17 Time:07:14
Sample (adjusted): 2 329
Included observations: 328 after adjustments

Variable Coefficient Std. Error t-Statistic Prob.

C 0.636267 0.222784 2.855981 0.0046

RCCI 0.141648 0.044288 3.198320 0.0015

R-squared 0.030423 Mean dependent var 0.638130

Adjusted R-squared 0.027449 S.D. dependent var 4.091321

S.E. ofregression 4.034779 Akaike info criterion 5.633859

Sum squared resid 5307.097 Schwarzcriterion 5.656987

Log likelihood -921.9528 Hannan-Quinn criter. 5.643086

F-statistic 10.22925 Durbin-Watson stat 2.075893
Prob(F-statistic) 0.001518
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Dependent VVariable: RDJ
Method: ML ARCH - Normal distribution (BFGS / Marquardt steps)
Date: 10/02/17 Time: 07:16
Sample (adjusted): 2 329
Included observations: 328 after adjustments
Convergence achieved after 23 iterations
Coefficient covariance computed using outer product of gradients
Presample variance: backcast (parameter = 0.7)
GARCH = C(3) + C(4)*RESID(-1)*2 + C(5)*GARCH(-1)

Variable Coefficient Std. Error z-Statistic Prob.
C 0.711237 0.210927 3.371950 0.0007
RCCI 0.117706 0.037481 3.140385 0.0017

Variance Equation

C 0.571060 0.357650 1.596703 0.1103
RESID(-1)"2 0.110987 0.038327 2.895785 0.0038
GARCH(-1) 0.856935 0.040833 20.98610 0.0000

R-squared 0.029220 Mean dependent var 0.638130
Adjusted R-squared 0.026242 S.D. dependent var 4.091321
S.E. of regression 4.037281 Akaike info criterion 5.5662257
Sum squared resid 5313.682 Schwarz criterion 5.620077
Log likelihood -907.2101 Hannan-Quinn criter. 5.5685326
Durbin-Watson stat 2.059861
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Dependent VVariable: RDJ

Method: ML ARCH - Student's tdistribution (BFGS / Marquardt steps)
Date: 10/02/17 Time: 07:19

Sample (adjusted): 2 329

Included observations: 328 after adjustments

Failure to improve likelihood (non-zero gradients) after 43 iterations
Coefficient covariance computed using outer product of gradients
Presample variance: backcast (parameter = 0.7)

GARCH = C(3) + C(4)*RESID(-1)*2 + C(5)*GARCH(-1) + C(6)*RCCI

Variable Coefficient Std. Error z-Statistic Prob.
C 0.760662 0.210002 3.622159 0.0003
RCCI 0.015170 0.037955 0.399676 0.6894

Variance Equation

C 6.034714 2.739571 2.202795 0.0276
RESID(-1)"2 0.090791 0.046726 1.943058 0.0520
GARCH(-1) 0.542525 0.172116 3.152082 0.0016

RCCI -0.659504 0.227892 -2.893932 0.0038
T-DIST. DOF 6.775009 2.749886 2.463742 0.0137
R-squared 0.005265 Mean dependent var 0.638130
Adjusted R-squared 0.002213 S.D. dependent var 4.091321
S.E. of regression 4.086791 Akaike info criterion 5.5622295
Sum squared resid 5444 .806 Schwarz criterion 5.603244
Log likelihood -898.6564 Hannan-Quinn criter. 5.5654591
Durbin-Watson stat 1.993256
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*% MGERCH( 1) SPECIFICATICHNS **

R R R R R R R RN R RN B RN B R R R R R R R R R R

Conditional Variance : Dynamic Correlation Model (Engle)
Multivariate Student distribution, with 8.01464 degrees of freedom.

Strong convergence using numerical derivatives
Log—likelihood = -1887.71

Please wait : Computing the 5td Errors ...

Robust Standard Errors (Sandwich formula)

Coefficient Std.Error t-wvalue
rho 21
alpha 0.054690 0.13507 0.404%9
beta 0.000000 1.0322 0.00
df 8.014639 1.8146 4.417
No. Observations : 331 HNo. Farameters H
Ho. Series H 2 Log Likelihood : —-1887.712

Elapsed Time : 0.05 seconds (or 0.000833333 minutes).
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